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Image Splicing Detection Based on
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Abstract With the popularity of graphic editing software, tampering a digital image becomes more and more easier, so it is urgent to
solve digital image forensics problem. Aiming at the problem, this paper proposes an image splicing detection method based on image
information entropy feature and multi-step Markov feature. Image splicing detection can be treated as a two-class pattern recognition
problem. This method consists of entropy feature extracted from the original image, three-level Haar Discrete Wavelet Transform(DWT)
and multiple-size block Discrete Cosine Transform(DCT), and multi-step Markov feature transition probability matrix is extracted from
block DCT. The statistical characteristics consist of information entropy and multi-step Markov feature. Support Vector Machine(SVM) is
used to judge the image category and get judgment result. Experimental results show that the proposed method applied to the Columbia
image dataset possesses promising capability in splicing detection, and it can achieve a detection accuracy of 89.91%.
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TPR/(%)  TNR/(%) (%)  AUC
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$3(98-D) 85.63 89.23 87.42 0.9390
S1+52(196-D) 87.05 90.22 88.62 0.950 6
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